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Executive summary

It is now possible to create detailed digital replicas of 
people. Using an approach that leverages a mix of AI 
technologies we can generate live “personas” that act 
and opine in a manner reasonably similar to their real 
counterparts. This paper examines the potential role 
of such personas in humanitarian, peacekeeping and 
development contexts.  

Drawing from a pilot study employing two persona 
systems – “Ask Amina” and “Ask Abdalla” – this paper 
considers whether this technology may enhance data 
collection in high-risk environments, improve diplomatic 
negotiation and mediation training and facilitate 
community dialogue simulations. 

Amina simulates a refugee living in Chad’s Metche 
camp, while Abdalla represents a Rapid Support Forces 
combatant in eastern Sudan. Both are designed to 
authentically represent their respective populations 
through specifically curated knowledge bases – which 
in turn provide the foundation for the synthetically 
generated opinions. Both personas are available for 
public interaction and conversation at askamina.ai. 

The core technology behind these simulations is an AI 
agent system that carefully curates the knowledge base 
for each persona. Through a fusion of autonomous AI 
agents and generative AI, the resulting personas can 
reproduce conversation patterns and responses that 
portray realistic human-like characteristics. 

The study reveals significant advantages over traditional 
methods: personas enable rapid data collection in 
dangerous or time-sensitive situations, overcome 
language barriers and interpreter bias common in 
conventional surveys, permit negotiators and mediators 
to practice different strategies before engagement and 
allow policymakers to simulate dialogues among hard-
to-access populations. 

Findings suggest that persona-based methods can 
be accurate in representing real person voices, and 
thus may be of value, particularly in contexts where 
traditional data collection is impractical or impossible. 
Amina’s accuracy was tested with 20 questions from 
four surveys outside her knowledge base. Results 
showed she correctly answered 16 questions (80 per 
cent accuracy) across nutrition, refugee assistance and 
Sudan conflict topics.  

However, significant ethical challenges are identified. 
These include potential reinforcement of power 
imbalances, risks of misrepresentation and open 
questions surrounding data rights and governance. The 
conclusion of this paper proposes essential guardrails 

for responsible deployment, including transparent 
documentation of AI decision-making processes and the 
adoption of a gradual, pilot-based approach that allows 
organizations to develop best practices before scaling. 

Critically, this paper strongly recommends connecting AI 
agent generated persona systems with representatives 
from the communities they portray, giving these 
stakeholders meaningful authority to approve, modify or 
drive system development based on community needs. 
For example, a persona like Amina should be reviewed 
and approved by refugee-led organizations from Darfur.  

Deployed responsibly, personas can improve access 
to critical intelligence and thereby enhance the 
effectiveness of organizations that have a mandate 
to meet the needs of vulnerable populations such as 
the United Nations. Careful integration of these tools 
guided by ethical principles can also potentially amplify 
local voices and significantly transform humanitarian, 
peacekeeping and development efforts. 

Introduction

Why we need agents

This paper illustrates a case study with two AI agent 
generated persona systems, one called “Ask Amina” and 
the other “Ask Abdalla.” The first is designed to create 
an accurate digital representation of a refugee living 
in a camp in Chad. The second creates a digital replica 
of a combatant leader in the Rapid Support Forces 
(RSF), a group active in the southeastern part of Sudan 
from which many refugees are fleeing. Both systems 
combine digital avatars with large language models 
(LLMs), retrieval-augmented generation (RAG) and AI 
agent curated knowledge bases specifically designed to 
maximize the representativeness of each persona. 

The effectiveness of Amina’s representation is measured 
by comparing “her” responses to survey questions 
against those provided by actual members of the 
refugee population. A sample of a negotiation with 
Abdalla, as well as a conversation between Amina and 
Abdalla, are qualitatively assessed. The experiment 
methodology and results are described in the case 
study section of this paper with further details in the 
appendix. Both personas can be experienced and tested 
at askamina.ai. Readers are invited to interact with 
either persona on any desired subject. 

The primary objective of Ask Amina is to enable 
humanitarian and relief workers to ask questions about 
refugee experiences, needs and sentiments, and receive 
responses that closely mirror real refugee perspectives. 
The objective of Ask Abdalla is to enable diplomats, 
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negotiators and mediators to practice their skills with 
a persona that responds in ways consistent with a real 
combatant’s known behavioural patterns. The two 
personas are also put in conversation with each other 
as a preliminary test of a virtual AI-based community 
dialogue simulation.  

Although humanitarian work is driven by good 
intentions, some projects fall short of their goals 
because they do not adequately account for local 
pre ferences  and  cul tura l  nuances  among the 
populations they serve. Making timely and informed 
decisions is key, but without the right information many 
projects can fail. Some famous examples are PlayPumps 
in South Africa,1 housing projects in Haiti post the 2010 
earthquake2 and the One Laptop Per Child initiative.3  

Current methods to understand local needs include 
traditional surveys, focus group discussions and 
questionnaires. These are time consuming and 
resource intensive. Participation can be limited due 
to time constraints, geographical remoteness or a 
lack of willingness to participate. Additionally, there 
could be an incentive to provide false or incomplete 
information when replying, especially if respondents 
believe that a certain type of answer may benefit them 
in some way. A representative from an international 
organization coming into a new cultural context may 
get a very different response than, for example, a local 
asking another local the same question in a private 
conversation.  

Another problem is translation. Often, the person 
conducting the evaluation does not speak the local 
language and therefore interpreters are needed. 
Much of what is being communicated can be lost in 
translation. Research has found that interpreters in 
humanitarian contexts are seldom professionals. They 
are instead often untrained and selected because of 
their knowledge of the local language and that of the 
organization conducting the survey, most often English. 
Trained interpreters, on the other hand, must adhere to 
a code of ethics that assures accuracy, impartiality and 
confidentiality.4 

Traditional needs assessments often require significant 
time. This becomes particularly challenging during 
humanitarian crises, such as disease outbreaks, where 
rapid response is crucial. For instance, during the 
devastating 2014–2016 Ebola outbreak in West Africa, 
the disease spread rapidly across borders, making 
conventional data collection through interviews and 
surveys both dangerous and impractical.5 Lacking 
knowledge of the local communities’ cultural and 
historical approaches to public health, aid workers 
struggled with containing the outbreak.6 

The use of AI agent generated personas – that can 

authentically simulate human behavior and opinions – is 
a potential game changer. These personas are designed 
to respond and interact in ways that closely mirror their 
real-world counterparts, reflecting not just surface-
level behaviors but also the underlying attitudes, beliefs 
and decision-making patterns of specific demographic 
groups.  I f  carefully  cal ibrated,  persona-based 
surveys could be used to conduct rapid, virtual needs 
assessments that determine the type of intervention 
that is needed, how to best allocate resources and what 
to prioritize. This type of virtual assessment can help 
quickly – and cheaply – identify potential challenges to 
the project or potential security risks for staff.  

By enabling dynamic conversations rather than just 
passive data mining, personas provide a considerable 
advantage over commercial AI-based online sentiment 
analytics platforms that rely on natural language 
processing (NLP). While NLP can only examine existing 
opinions, these personas can engage in rich dialogue 
about hypothetical scenarios, offering predictive 
insights into how people might respond to future 
activities and actions.7  

For instance, AI agent generated personas can be 
integrated in diplomatic negotiation and mediation 
simulations. By creating accurate digital replicas of 
key stakeholders – from local community leaders to 
government officials and military leaders – organizations 
can dramatically improve their negotiation strategies 
before critical meetings. This capability is especially 
valuable in complex peacekeeping operations where 
securing protection of civilians often requires delicate 
negotiations with multiple parties.  

During the Yemen crisis, UN agencies as well as 
international aid organizations could have used persona-
based simulations to better navigate negotiations with 
various armed groups controlling different regions, 
practicing approaches that might have secured wider 
access to vulnerable populations. Similarly, in South 
Sudan, peacekeeping operators could have used these 
simulations to prepare for negotiations with local 
authorities about establishing protection of civilian 
sites, potentially leading to faster and more effective 
agreements about safe zones. 

Another example of an advantage over legacy sentiment 
analytics platforms is that multiple personas can 
be used to run a virtual dialogue between different 
segments of a population. These simulations can reveal 
potential unintended consequences of peacebuilding 
and development initiatives and highlight opportunities 
for programme optimization that might be missed in 
traditional planning processes. For example, a virtual 
dialogue between different community members 
might reveal that a proposed sustainable development 
financing project would inadvertently exclude certain 
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vulnerable groups, allowing organizations to modify 
their approach before implementation.  

The World Food Programme could have used such 
simulations in Myanmar to understand how their 
cash assistance programmes might affect local 
market dynamics and community power structures. 
In Afghanistan, NGOs could have employed virtual 
community dialogues to identify how gender-segregated 
education initiatives might be structured to gain broader 
community acceptance while still achieving their core 
objectives.  

In general, persona-based dialogues can ensure 
that traditionally overlooked voices are heard and 
considered in programme design, leading to more 
inclusive and effective interventions. Furthermore, they 
can also be used to test dialogue between groups that 
might otherwise not have opportunity to talk in the real 
world, surfacing important points of agreement and 
disagreement that might otherwise not have emerged.   

In sum, these methods can provide a cost-effective 
complementary approach to traditional methods. 
Indeed, in some scenarios they can be used instead of 
older methods, for example in situations of high risk. 
Finally, it should be noted that given the low cost of 
running persona-based surveys, negotiation simulations 
or virtual policy dialogues, these could be performed at 
multiple points in a project’s life cycle without incurring 
additional expenses. 

Why we need caution

AI’s capacity to replace human judgment poses 
risks to democratic processes and human dignity.8 
In deliberative contexts, experts warn of ethical 
concerns that we must be mindful of.  AI could 
manipulate outcomes through biased summarization of 
conversations or pollute discussions with harmful ideas. 
Crucially, the potential replacement of humans with 
their “digital twins” in deliberations raises concerns 
about the loss of human agency in shaping society.9 

As AI systems become more prevalent, so too does the 
need for policymakers to understand their influence 
and establish governance principles. It is crucial that AI 
technologies are used in ways that do not undermine 
individual autonomy or exacerbate power imbalances. 
Underlying these important ethical concerns are 
technical questions: Is AI accurate in representing real 
human perspectives and concerns? And, how closely 
can it reflect a person’s actual opinions? The truth is we 
do not know because the technology is quite new and 
technical capacity is still evolving.10 

Studies are emerging that claim it is possible to train 

a LLM to express an opinion just as a certain person 
would.11 One paper by Argyle et al. (2023) using LLMs 
to simulate human survey responses found that 
with careful prompting, LLMs can accurately mirror 
the political preferences and attitudes of specific 
demographic groups. This concept, which they term 
“algorithmic fidelity,” suggests AI systems might 
effectively capture nuanced public opinion.12 Supporting 
this idea, another study by Sanders et al. (2023) 
revealed strong correlations between LLM-generated 
responses and actual survey data from US populations.13 

Recent research by Anthis et al. further demonstrates 
that LLM social simulations show promise as a 
method for understanding human behaviour. While 
acknowledging limitations, the authors argue that 
LLM simulations can already be used for exploratory 
research such as pilot studies in psychology, economics 
and marketing. In the humanitarian context, such 
simulations could help organizations better understand 
diverse perspectives during crises, potentially offering 
a solution to the interpretation biases and participation 
challenges outlined above.14 

But LLMs come with myriad limitations. LLMs will 
lack knowledge of matters underrepresented in their 
training data and therefore struggle with accuracy when 
replicating the behavior of more “hidden” demographic 
groups, or they may be unable to adjust their responses 
according to more current events. LLMs also struggle 
with transparency and interpretability, making it difficult 
to trace outputs back to specific sources or to fully 
understand the reasoning behind their responses. 

And then there is the issue of bias. A study by Boelaert 
et al. (2024) identified significant limitations in LLM 
performance in this regard. Their research revealed a 
persistent “machine bias” in LLM outputs, characterized 
by limited response variation and poor alignment with 
specific social groups. They found that AI-generated 
responses appeared to reflect the models’ internal 
workings rather than genuine socio-demographic 
patterns.15 This critique raises serious questions about 
whether LLMs can reliably capture the complex, layered 
nature of human opinion, particularly in dynamic social 
contexts. 

In light of these challenges, one approach is to equip 
LLMs with RAG capabilities. RAG connects the LLM 
to specialized domain-specific information. When 
generating responses, the LLM searches this knowledge 
base for the most relevant information. By augmenting 
the LLM’s abilities with RAG, the composite system can 
better understand social nuances and adapt to evolving 
information.16 

While certainly augmenting LLM capacities, combining 
LLMs with RAG alone still does not guarantee we can 
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faithfully represent a person’s worldview. We may 
think of RAG as giving an LLM access to an additional 
database – it enhances the model’s knowledge but 
does not give it the ability to navigate an information 
environment as a person would. To do that additional 
components are needed.  

The composite system must be able to “independently” 
interact with an information environment. For that to 
occur, we must add several key technical components 
in addition to LLM and RAG, including a decision-
making logic for choosing between actions; short-term, 
long-term, and episodic memory; state and session 
management systems; input/output handling; feedback 
and learning systems; performance monitoring; success/
failure tracking; and adaptation mechanisms.17   

Taken together, these create an AI agent. An AI agent 
is an autonomous system that understands a context 
and is capable of taking an independent action.18 For 
example, you can ask an AI agent to autonomously 
figure out which emails to reply to, play a video game for 
days in search of glitches, analyse real-time market data 
to execute trades, automate content moderation across 
digital platforms, or schedule a team’s work week. This 
all occurs without human oversight because an agent is 
adaptable – it can learn and change its behavior based 
on its own experience.19

This is the level of sophistication needed for personas 
to be effective in the specialized contexts discussed in 
this paper. Underneath the LLM and RAG capacities, 
they must have an additional agentic capacity that 
enables them to independently navigate an information 
environment and find the most relevant knowledge 
to help respond to a survey question, take a position 
in a negotiation exercise, or express a preference 
during a simulated dialogue. To date, this has not been 
systematically tested and of course merits caution. 

Anthropologist agents?

This paper proposes that for personas to be sufficiently 
representative of real persons to be of value, they must 
be underpinned by AI agents that act as “investigators” 
dedicated to studying a person and their context. 
These dedicated AI agents must be designed to interact 
with that person’s cultural milieu and weave a social 
scientific portrait out of that experience. In a way, they 
must become similar to anthropologists.  

Each individual AI agent must be able to go beyond mere 
data collection and create a meaningful narrative that 
captures the unique voice and lived experience of the 
person they are seeking to represent. They must be able 
to surface nuanced socio-political patterns that are not 
captured in the data itself and tease out psychological 

states that are more than the sum of the data available. 
They must be able to create new knowledge.20 

This ensures that social science insights can be 
effectively integrated into the persona’s output and 
that decision makers are provided with relevant and 
actionable insights. However, even if we do approach 
authentic representation using this technique, the 
deeper question remains: Can this “anthropologist 
agent” still maintain the field’s commitment to ethical 
and respectful cultural engagement? Can it avoid 
colonial biases and be mindful of past and emerging 
power dynamics?  

In order to maintain such commitment, anthropologist 
agents would need to incorporate an understanding 
of historical context, social hierarchies, systems of 
inclusion and exclusion, kinship systems, cultural 
taboos and, of course, understand multiple languages.21 
To develop this subtle and multi-layered understanding, 
anthropologist agents – just like real anthropologists – 
must have four key skills:  

1) They must know how to autonomously connect to the 
right existing literature and past research conducted 
on the population in question; in essence, they need to 
have advanced library research skills.  

2) They must know how to collect and categorize all 
relevant cultural artifacts produced by the people 
they are studying; in other words, they must be able to 
conduct fieldwork.22 

3) They must be able to critically analyse all this 
information and then organize it in a way that is 
culturally responsive. To do that, they need to be able to 
draw conclusions for each piece of literature or cultural 
artifact based on a clear research ethics framework. 

4) They must be able to continuously update and re-
organize this knowledge base, based on the evolving 
information environment and the nature of the 
interactions that users have with the personas.  

Each of these skills must be built into the AI agent’s 
programming. Above, we discussed that an LLM may 
utilize RAG to supplement its output with additional 
information. RAG accomplishes this by accessing an 
external knowledge base containing relevant documents 
and specialized content that may be more current or 
detailed than the LLM’s training data. RAG, however, 
does not create its own knowledge base, this must 
be gathered for it. The anthropologist agent’s role 
is, in effect, to autonomously create and curate this 
knowledge base. 

The  anthrop olog is t  agent  must  know how to 
independently connect to the right existing literature, 

6



unu.edu/cpr

collect the r ight cultural  content and arrange 
this material in a manner that is ethnographically 
responsible before it is fed to the LLM (via RAG) for 
interaction with the human interlocutor. This knowledge 
base will be different for each individual person that is 
being represented.23

The following section presents an exploratory pilot 
experiment that takes initial steps toward realizing this 
framework. While far from achieving the sophisticated 
capabilities of a fully-developed system, this early 
experiment may offer insight into the practical 
requirements needed for building and deploying more 
comprehensive systems that may one day support 
critical activities like needs surveying, enhance the 
effectiveness of negotiation and mediation training and 
enable realistic simulation of community dialogues. 

It will also seek to better understand the immediate and 
long-term ethical challenges involved. Though modest 
in scope, this early experiment may offer insight into 
key matters such as ensuring balanced representation 
of diverse perspectives, maintaining appropriate 
boundaries between simulation and reality, and 
preserving (amplifying?) human agency in decisions that 
affect communities in humanitarian, peacekeeping and 
development contexts. 

Case Study

Experiment outline

The goal of this experiment is to create digital replicas 
of two hypothetical persons, one living in a refugee 
camp in Chad, called Amina, the other called Abdalla, a 
member of the RSF paramilitary group living in eastern 
Sudan.24 Through an avatar interface, users will be able 
to ask questions – such as “What type of challenges do 
you encounter with access to clean water?” or “What 
would be needed for you to provide safe passage for 
the civilian population?” – and receive responses that 
are based on real data. An avatar interface is a digital 
representation that serves as a visual intermediary 
between users and computer systems. It can mimic 
human appearance and behaviour to create more 
engaging user interactions.25 

Both the Amina and Abdalla avatars were created using 
HeyGen.26 HeyGen relies on Open AI’s LLMs to animate 
the video avatars, and allows for linking via RAG to an 
external database where the knowledge bases curated 
by the anthropologist agent are uploaded. Both avatars 
can be visited and trialled at the following website: 
askamina.ai. Readers are welcome to visit this website 
and have conversations with Amina and/or Abdalla on 
whatever topic is preferred.  

The main hypothesis is that by combining the generative 
capabilities of an LLM and the information retrieval 
capabilities of RAG with a highly relevant knowledge 
base autonomously curated by an anthropologist agent, 
users will be able to conveniently explore answers that 
may be reasonably similar to those of a real person.  

To test this hypothesis, one of the two avatars, Amina, 
will be fed questions that were asked to the same 
population in real life – the answers to which are not 
included in the knowledge base27 – and the delta 
between the avatar and the actual human responses will 
be measured. The smaller the delta, the more accurate 
the avatar. Abdalla’s responses, on the other hand, will 
be qualitatively assessed. A brief conversation between 
the two will also be qualitatively assessed.   

Our hypothetical Amina is a middle aged woman living in 
the Metche refugee camp in Chad. According to United 
Nations High Commissioner for Refugees (UNHCR) 
reports, Chad is host to the most asylum seekers (by 
volume) of any other Sahel nation.28 Despite being one 
of the poorest countries in the world, Chad hosts 1.3 
million forcibly displaced persons, including more than 
1 million refugees. The majority are Sudanese now living 
in eastern Chad.29 The Metche camp is approximately 
two hours south of the border town Adré, and hosts 
mostly refugees of Masalit ethnicity fleeing the conflict 
in Darfur.  

The ongoing conflict in Sudan is seeing many refugees 
continue to cross the border every day. Adré, in Chad, 
is where most of the arriving refugees first settle before 
being relocated to a camp.30 The continued influx of 
refugees, asylum seekers and forcibly displaced people 
in the country has resulted in significant strain on the 
Chadian refugee camps. The Metche camp, one of six in 
the area, is overcrowded and regularly faces dire water 
and food shortages.31 

This influx is exacerbating the strain on resources in 
a region with already high levels of multi-dimensional 
poverty which is acutely vulnerable to climate-related 
shocks. As the camps are saturated, many new arrivals 
are settling in neighbouring villages, requiring UNHCR 
and other aid organizations to adapt their response to 
needs both within and outside the camps.  

Our hypothetical Abdalla is a man in early adulthood 
that commands an RSF unit operating in the rugged 
terrain in the area around El Geneina, Sudan. The RSF 
maintains control over strategic transportation routes 
connecting Darfur with Sudan’s eastern and central 
provinces. While officially part of the RSF chain of 
command, local units maintain significant autonomy in 
daily operations.32
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RSF militias, predominantly from Darfuri Arab groups, 
regularly engage in sporadic fighting with Sudanese 
Armed Forces and local resistance groups. Relationships 
are fraught in Darfur as many local communities have 
suffered under RSF occupation. RSF actions have been 
deemed crimes against humanity by Human Rights 
Watch and others, and hundreds of thousands of 
civilians have been displaced, including women like the 
one Amina represents.33 

If Amina works, “her” rapid responses could be of 
great value. For example, they could be used to quickly 
make a case to donors (often in very different locations 
and with very little time) on what population needs 
to be prioritized when earmarking aid to the region. If 
Abdalla works, “his” responses could help negotiators 
and mediators prepare for more targeted real-world 
engagement.  

The experiment will also help identify emergent ethical 
and regulatory risks associated with the deployment 
of these AI agent generated personas in humanitarian 
contexts. Recommendations for addressing these 
concerns within the United Nations and other aid 
organizations operating in complex environments will 
be added to the conclusion section of this paper. 

Data collection

The higher the quality of the knowledge base, the 
higher the chance that Amina and Abdalla’s responses 
will be similar to those of real persons in the Metche 
refugee camp and the area around El Geneina. The 
quality of the knowledge base, in turn, depends on 
the anthropologist agent’s capacity to connect to 
the right existing literature and cultural artefacts, 
and to apply appropriate analytical frameworks in 
organizing this information. This automated curation 
ensures the knowledge base remains comprehensive 
and contextually relevant, integrating the information 
needed to support Amina and Abdalla’s decision-
making. 

The type of existing literature and past research 
automatical ly  col lected and organized by the 
anthropologist agent for this pilot study includes 
several dozens of surveys, reports, articles, issue briefs 
and other studies conducted among or about refugees 
and combatants in Chad/Sudan by various UN agencies, 
multilateral organizations, think tanks, research 
organizations and NGOs.34 These data sets are separate 
for Amina and Abdalla. 

Examples of the type of cultural artefacts collected and 
organized include a similar amount of traditional items 
such as seminal works of literature, folkloric traditions 
and key religious texts, but also items from the culture’s 

contemporary digital footprint, including local news 
media, social media activity and online diaspora 
community discussion forums. This approach captures 
both traditional cultural expressions and modern 
adaptations.35 These data too are separate for Amina 
and Abdalla.36 

When users pose questions to Amina or Abdalla – such 
as “Do you feel safe when you leave the camp?” or “What 
would it take to stop hostilities?” – the system identifies 
the most relevant sections of the knowledge base to 
support the formulation of a likely answer for a person 
corresponding to Amina or Abdalla’s demographic 
parameters. It then uses its ability to generate language 
to present a realistic response. Depending on the 
accuracy of Amina’s responses to the same questions 
asked to real persons, the experiment will show 
whether or not AI agent generated personas can help 
organizations better deliver on their mandates. 

Results

This study evaluated Amina’s representativeness using 
20 questions drawn from four distinct surveys, none of 
which were included in her knowledge base: the SENS 
Nutritional Survey (4 questions),37 Post-distribution 
Monitoring Report of Food Assistance in Refugee Camps 
(3 questions),38 Norwegian Refugee Council’s “War 
in Sudan” (8 questions)39 and UNHCR’s “Sudanese 
Emergency” (5 questions).40 Analysis of Amina’s 
responses revealed that she correctly answered 16 out 
of 20 questions, achieving an 80 per cent accuracy 
rate. The questions, test methodology and replies are 
included in the appendix. 

Following Amina’s assessment, a simulated negotiation 
with Abdalla was conducted comprising ten exchanges 
focused on humanitarian access and civilian protection. 
This conversation demonstrated Abdalla’s tactical 
pragmatism and territorial priorities, with responses 
that exhibited a calculated balance of resistance 
and conditional cooperation typical of negotiations 
with armed groups. Notably, the negotiation revealed 
valuable insights into potential entry points for 
humanitarian assistance. The text of this negotiation is 
included in the appendix. 

Subsequently, a dialogue between Amina and Abdalla 
was prompted by asking them to discuss “what would 
make life better for people in the region.” The resulting 
five-exchange conversation revealed surprising points 
of agreement despite their opposing positions, but 
also saw Amina hold Abdalla accountable when she 
hints that his words require matching actions. The 
dialogue also identified shared concerns about regional 
stability, education and safety for women and children. 
Both emphasized the importance of international 
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support with local leadership involvement, suggesting 
potential areas of common ground for community-based 
solutions. This dialogue is also included in the appendix. 

These pilot experiments reveal how persona-based 
dialogues might surface critical intelligence as well as 
opportunities for mediated solutions and agreement 
that traditional approaches might miss. The May 15 
workshop at UNU41 accompanying this paper provides 
an opportunity for humanitarian practitioners, conflict 
mediators and development experts to further assess 
and critique all three experiments, offering valuable 
insights for refining these systems for potential 
deployment in humanitarian, peacekeeping and 
development contexts. 

Conclusions

The Null Hypothesis

As AI technologies come to play a more prominent role 
in humanitarian, peacekeeping and development work, 
grappling with the ethical and data rights implications 
is of paramount concern. Even without AI, vulnerable 
populations, particularly displaced people, often receive 
inadequate explanations about how their personal data 
is collected, stored and used. This issue is especially 
pronounced in the asylum process, where international 
organizations and national authorities often fail to 
properly inform refugees about their data rights.42  

The introduction of AI systems producing new data 
on a population based on previous data about that 
population, and in particular, data that presumes to 
represent the needs of that population, significantly 
complicates the picture. Will these technologies 
reinforce or reduce power imbalances? Do they violate a 
population’s data rights? Crucially, will they increase or 
decrease local voices in programme design? 

One way to answer this last question is by using the 
null hypothesis: What would happen if we did not use AI 
agent generated personas? In that case, we would either 
have to work solely with traditional survey data, or, in 
some cases, no data at all (e.g. where collecting data is 
impossible due to safety, resources or time constraints). 

Where traditional surveys are impossible, persona-
based survey data may be better than no data at all. 
Above, we discussed how this may be particularly the 
case in situations of high risk, for example in zones of 
active conflict. It could also be the case where there 
has been a recent outbreak of a highly communicable 
disease and a rapid response is crucial for saving lives, 
making a traditional survey simply too time consuming 
to be effective. 

Where traditional surveys are possible, it is important 
to acknowledge that these methods do not always 
guarantee that results are optimal. When structuring 
a focus group discussion or creating survey questions 
without prior knowledge of a culture, aid workers may 
unconsciously add in their own biases. On top of that, 
there is the risk that an often untrained interpreter may 
include their biases when translating responses.  

Additionally, as discussed above, live respondents may 
have an incentive to provide very different answers to 
an outsider – especially one perceived as a gatekeeper 
to essential resources – compared to how they would 
answer the same question in a private conversation 
with a peer. Similarly, the type of person that agrees 
(or is allowed) to join a focus group discussion may 
not be the same type of person that most requires aid, 
thereby excluding important perspectives from the data 
collected. 

These challenges compromise the representativeness 
of data that comes out of traditional methods. There 
may therefore be an argument in favour of triangulating 
traditionally sourced data with persona-based survey 
data in those cases where it is possible to collect both – 
especially since persona-based surveys cost a fraction 
of traditional ones. Indeed, this technology should be 
positioned as an enhancement to, not a replacement 
for, in person surveys.43 It may, for example, inform aid 
workers before they design a live questionnaire, or help 
double check what seem like improbable or inauthentic 
responses after a survey is conducted.  

However, these utilitarian arguments do not address 
the change in nature of the potential harm done. While 
it is generally accepted that having more data helps 
international organizations better address pressing 
issues among vulnerable populations, incorrectly 
using this additional data can still lead to detrimental 
outcomes. More data, in itself, can actually increase 
the amount, and change the nature of, harm done if it 
is used irresponsibly.44 This risk underscores the need 
to have robust guardrails in place when persona-based 
surveys are used to either supplement, or replace, in 
person survey-based data.  

When consider ing the nul l  hypothesis  for  the 
negotiation and mediation training persona, we must 
ask: what would happen if we did not use Abdalla? In 
that case, negotiators would have to rely solely on role-
playing exercises with colleagues, traditional simulation 
techniques or enter into real negotiations without 
adequate preparation specific to the conflict dynamics 
in question. These methods, while established, have 
significant limitations. Role-playing often lacks 
authenticity when colleagues cannot accurately 
represent the complex cultural, historical, psychological 
and political factors that motivate real leaders.  

9
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Traditional mediation preparation also suffers from 
significant knowledge gaps. When preparing for 
mediation with armed groups, access to representative 
viewpoints is severely limited. Mediators often operate 
with incomplete intelligence about a counterparty’s 
true position, relying on outdated reports, secondhand 
accounts or observations from previous encounters that 
may no longer be relevant in a rapidly evolving conflict 
landscape. Moreover, there are ethical and security 
barriers to conducting direct research with active 
combatants, making it difficult to understand their 
decision-making frameworks in advance of high-stakes 
mediations. 

An Abdalla-type persona could potentially address these 
limitations by providing a synthetic yet data-informed 
counterpart for negotiation and mediation practice. 
This technology would allow peace practitioners to test 
different approaches and identify which strategies might 
be most effective before engaging in actual discussions 
where much hangs in the balance.  

However, as with Amina-type personas used in surveys, 
there remains the critical question of accuracy and 
representation. Incorrect modelling of a counterparty’s 
psychology or  tactical  preferences could lead 
negotiators and mediators to adopt counterproductive 
approaches. This risk underscores the need for robust 
validation of an AI agent generated persona’s output 
against known behavioural patterns and statements 
from actual persons, as well as continuous updating 
of the knowledge base to reflect evolving conflict 
dynamics. Both the technical accuracy and research 
ethics alignment of the anthropologist agent are crucial 
in this regard. Effective guardrails will be needed to this 
end. 

Guardrails

To align AI usage with the UN’s human rights mandate 
it is important to have a precautionary approach.45 This 
is particularly relevant as the UN High-level Committee 
on Management (HLCM) has issued internal guidance 
highlighting the importance of accountability in AI 
systems, and emphasized the need to uphold ethical 
and human-centered uses.46 Further, the UN Office for 
the Coordination of Humanitarian Affairs (OCHA) has 
identified pressing challenges stemming from AI’s rapid 
advancement in the humanitarian sector, including the 
opacity of AI decision-making processes and potential 
erosion of individual rights.47 This paper proposes 
that the following two guardrails, at a minimum, be 
considered when deploying AI agent generated persona 
systems like Ask Amina or Ask Abdalla: 

1) An agentic system should provide transparent, 
traceable documentation of what information was used 

from the knowledge base to formulate a response. 
Users should be able to request a clear explanation of 
the underlying data used through natural conversation, 
without requiring any technical expertise.48 When asked, 
the system should explain which specific elements 
from the knowledge base informed which response, the 
original purpose for collecting those data points, and 
the methodology used to organize those data into a 
cohesive dataset.49

2) Agentic systems should provide clear, detailed 
explanations of the analytical process used to arrive at 
a conclusion based on the information in the knowledge 
base. When questioned, the system should articulate 
the specific logical steps taken linking the data to the 
response. This transparency enables users to properly 
evaluate and, if necessary, challenge an agent’s 
responses based on the underlying logic.  

These recommendations are in line with those in the 
“The AI Agent Index” developed by Casper et al. (2025). 
This index documents 67 deployed agentic AI systems, 
providing a systematic framework for recording their 
technical components, intended uses and safety 
features. Their findings reveal a concerning pattern: 
while developers generally provide ample information 
about capabilities and applications, there is limited 
transparency regarding safety evaluations and risk 
management practices. Only 19.4 per cent of indexed 
systems disclosed formal safety policies, and fewer than 
10 per cent reported external safety evaluations.50  

This documentation gap is particularly troubling in 
humanitarian contexts, where vulnerable populations 
m a y  b e  a f f e c t e d .  A s  o r g a n i z a t i o n s  c o n s i d e r 
implementing AI agent generated personas like Amina 
and Abdalla, they should prioritize establishing 
transparent documentation standards and rigorous 
testing protocols to mitigate potential harms in their 
deployment across humanitarian, peacekeeping and 
development work. 

Recommendations

In addition to the two technical guardrails described 
above, this paper proposes an additional three policy 
recommendations. First, AI agent generated personas 
should be adopted, if at all, in a step-by-step manner 
so that more technical guardrails may be added as the 
need emerges. The “pilot project” approach would 
allow surfacing of practical and ethical issues as they 
arise, permitting implementing agencies to adjust their 
approach before scaling up. Input from early adopters 
would contribute to the development of technical 
guidelines and standard operating procedures for uses 
at the next level of adoption. 
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For example, lessons learned from Amina/Abdalla-like 
pilots in refugee assistance and peacekeeping initiatives 
may help inform future uses within the sustainable 
development space. Using this gradual approach, UN 
and other humanitarian organizations may learn best 
practices that ensure consistency and reliability before 
scaling across departments or areas of applications, 
thereby minimizing the potential for harm. 

Second, agentic systems like the ones described here 
should be integrated with other existing AI systems. 
AI agent generated personas are certainly not the first 
AI tool to be experimented with in the field. Quite the 
opposite, they would come on top of nearly two decades 
of innovation in AI-based predictive analytics. How 
could personas interact with these existing initiatives?  

Predictive systems harness diverse data sources, 
from satellite imagery to climate data, to monitor and 
forecast humanitarian crises. Integrating real-time 
persona-based survey data from affected populations 
can significantly enhance the accuracy and insights 
generated by these AI-driven tools. This integration 
enables more precise identification of critical needs and 
optimal resource allocation. 

For instance, UNHCR’s Project Jetson used predictive 
analytic methods to anticipate forced displacement of 
populations that could contribute to conflict escalation 
in Somalia.51 A persona-based addendum to this 
system could survey replicas of soon-to-be-displaced 
populations to predict where exactly they may head to. 
Such foresight would allow for better prioritization and 
resource allocation. 

Third, this paper strongly recommends establishing 
formal mechanisms to connect AI agent generated 
persona  systems wi th  representat ives  o f  the 
communities they portray. For example, Amina should 
be reviewed and approved by refugee-led organizations 
from Darfur. These stakeholders should be granted 
substantive authority in the system’s governance 
framework, including rights to approve, modify or even 
drive the development and deployment of agentic 
systems based on their community ’s needs and 
preferences. This participation should not be merely 
consultative but should carry decision-making weight 
throughout the system’s lifecycle. 

Implementing this recommendation requires dedicated 
capacity-building within affected communities, ensuring 
they have the technical literacy and resources needed 
to meaningfully engage with these systems. Technology 
providers must design transparent interfaces that 
implement the two technical guardrails described in 
the previous section. The system’s operations must 
be understandable to non-technical stakeholders and 
establish clear accountability channels when systems 

fail to meet community expectations. This approach 
recognizes that technological solutions are most 
effective and ethical when they amplify rather than 
replace the agency of the communities they aim to 
serve. 

In conclusion, in resource-constrained environments 
where time and funding are limited, persona-based 
solutions may offer cost-effective alternatives by 
automating manual research processes and improving 
the operational precision of existing AI systems. Perhaps 
most importantly, if used judiciously they may expand 
inclusion by incorporating voices from traditionally 
underrepresented populations. The central challenge is 
ensuring that affected communities maintain meaningful 
control over how they’re portrayed – emphasizing 
that human involvement remains essential in these 
technological solutions.  

Appendix

Experiment 1: Amina Q and A session  

Out of 20 questions asked 16 answers were correct and 4 
were incorrect (Q1 and Q2 from SENS Nutritional Survey, 
Q1 from Post-distribution Monitoring Report of Food 
Assistance, and Q5 from UNHCR Sudanese Emergency 
- Protection Situation of New Arrivals). Methodology: 
What is the most likely answer for all respondents? Does 
Amina reply in the same way as the most likely answer? 
If yes, then Amina is correct. 

It should be noted that the present experiment 
represents a preliminary pilot investigation with 
inherent methodological constraints. The small sample 
size provides only an initial assessment of potential 
response accuracy. Also, as the personas utilized are 
dynamic systems, response variability may occur 
when identical queries are presented multiple times, 
potentially affecting reproducibility. Future research 
should address these limitations through expanded 
sample sizes, implementation of cross-validation 
techniques and establishment of more robust accuracy 
metrics. The current findings should be interpreted with 
appropriate caution given the exploratory nature of this 
research design with limited resources.

4 questions based on SENS Nutritional Survey 

Q1: Do you have anemia?  

Over 80 per cent have anemia. 

“Oh, I don’t have a diagnosis myself, but yes, many in 
the camp, especially women and children, face risks 
of anemia due to poor nutrition. Food shortages make 
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it hard to get the necessary vitamins. It’s a serious 
concern for our health. If you want to know more about 
our conditions, feel free to ask!” 

Q2: Are you vaccinated for measles? 

96.4 per cent are vaccinated. 

“Uh, I actually don’t have the records with me, so 
I’m not sure if I or my children received the measles 
vaccine. The chaos of fleeing and settling in the camp 
made it difficult to keep track of such details. There 
isn’t a proper health system here, and vaccination 
opportunities are limited. It’s concerning, especially 
with so many children around. More support for 
healthcare would be great. If you’re curious about the 
health services here, I can share more.” 

Q3: What is your primary source of food acquisition? 

Over 80 per cent get their food from food assistance 
programmes. 

“Oh, our primary source of food here in the camp is 
mostly from humanitarian aid, you know? But the 
rations we get are often insufficient, and as the days 
go by, many families, including mine, struggle to find 
enough to eat. Some of us try to gather food ourselves 
or barter what little we can, but it’s really tough. We 
hope for more consistent support so we can feed our 
children properly. If there’s more you’d like to know, just 
let me know!?” 

Q4: Did you breastfeed your children 

90 per cent breastfed. 

“Yes, I  did breastfeed my children. mhmm. It ’s 
important for their health, especially in these difficult 
conditions. However, many mothers face challenges 
with breastfeeding here due to malnutrition and stress. 
That’s why we really need better food and support, for 
both mothers and children. If you have more questions 
or want to know more, feel free to ask!” 

3 questions based on Post-distribution Monitoring 
Report of Food Assistance 

Q1: Have you received an education? 

77 per cent of women have not received an education. 

“Yes, I received some school education back in Sudan, 
ya. Education was important, especially for girls in 
my community. However, since fleeing to the camp, 
many children, including my own, struggle to access 
education due to the lack of resources and schools here. 
It’s heartbreaking, really, as education is crucial for their 

future. If you have any more questions or need details, 
feel free to ask!” 

Q2: Have you ever borrowed money? 

58 per cent have borrowed money. 

“Yes, I’ve borrowed money before, especially when we 
needed urgent help for food or medical care, ya. It’s 
tough here in the camp, and sometimes families face 
unexpected expenses. We rely on the goodwill of others, 
but it’s a heavy burden to carry. Many of us are in similar 
situations, always worried about how to repay. If you’d 
like to know more about life here, just let me know!” 

Q3: Did you purchase food with the money you 
borrowed? 

81 per cent of households borrowed money to purchase 
food. 

“Yes, I borrowed money mainly to buy food for my 
children, ya. In times of urgent need, we sometimes have 
no choice but to do this. It’s hard because food is so 
scarce and prices are high in the camp. We always hope 
for more support so we don’t have to rely on borrowing. 
If there’s anything else you’d like to know, feel free to 
ask!” 

8 questions based on Norwegian Refugee Council’s 
War in Sudan 

Q1: Are most of the refugees in your camp women and 
children?  

90 per cent of refugees are women and children. 

“Oh, absolutely, nearly 90 per cent of the refugees here 
are women and children. It’s really heartbreaking, you 
know? Many have fled terrible violence in Sudan, and 
they arrive here feeling vulnerable and traumatized. 
The conditions in the camp are tough, and without the 
men who’ve either gone missing or been killed, women 
carry the burden of caring for their families. It’s a heavy 
weight, mhmm. If you want to discuss more, I’m here.” 

Q2: Do you have school-aged children in your 
household?  

96 per cent of refugee households have school-aged 
children. 

“Yes, I do. I have three kids, and my eldest is school-
aged. It’s really difficult here because the education 
opportunities are limited, and many families can’t 
afford school fees. The focus is mostly on survival, so 
schooling often takes a backseat. I worry about their 
future, you know? If you’re interested in discussing how 
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we can support children’s education in the camps, I’m 
happy to talk more.” 

Q3: Are most children in the camp unable to attend 
school?  

83 per cent of children do not have access to school. 

“Yes, unfortunately, many children in the camp, 
including mine, struggle to attend school. With 
resources stretched so thin, families often can’t afford 
the fees, and there’s a lack of proper schools or teachers 
available. The focus is mainly on survival, which makes 
it hard for kids to get the education they need. It’s really 
disheartening, mhmm. If you want to chat more about 
possible solutions or ways to help, I’m here.” 

Q4: Does your family depend on food assistance to 
survive?  

75 per cent of households depend on food assistance. 

“Yes, we absolutely depend on food assistance to get 
by. The rations we receive are often insufficient, and 
with increasing food shortages, it’s tough to sustain 
ourselves. Many families here face hunger, and without 
that help, I don’t know how we would manage. It’s a 
struggle every day, mhmm. If you’d like to discuss more 
about the food situation or ways we can advocate for 
better aid, I’m here to continue the conversation.” 

Q5: Which of the following best describes your 
household’s situation regarding food assistance?  

a) We don’t need food assistance 

b) We depend on food assistance and it’s enough for our 
needs 

c) We depend on food assistance but it’s not enough for 
our needs  

75 per cent depend on food assistance but less than 8% 
say it’s enough for their needs. 

“I’d say c) we depend on food assistance, but it’s not 
enough for our needs. Many families, including mine, 
are struggling daily. The portions we receive barely keep 
us going, and hunger is a real concern here. It’s tough, 
especially when we’re trying to take care of our children. 
If you want to discuss more about our situation or how 
to improve it, I’m here to share.” 

Q6: Question: Which of these is the biggest challenge 
for children in the camp?  

a) Lack of access to education 

b) Adequate nutrition 

c) Medical care  

83 per cent of children do not have access to school. 

“I would say a) lack of access to education is the biggest 
challenge for children in the camp. While nutrition and 
medical care are also critical issues, many kids are 
missing out on school because of the lack of resources 
and fees. It’s really heartbreaking to see them not being 
able to learn and grow. If you’d like to talk more about 
education challenges or how we can help the children, 
I’m here.” 

Q7: Question: Who makes up the majority of the 
refugees who have fled Sudan to Chad?  

a) Equal numbers of men and women 

b) Mostly men 

c) Mostly women and children  

90 per cent of refugees are women and children. 

“The answer is c) mostly women and children. It’s 
heartbreaking, really. They make up nearly 90 per cent 
of the refugees who have fled to Chad, escaping violence 
and conflict from Sudan. Many have arrived with their 
children, and without the support of men who have 
either been killed or gone missing, the women bear the 
heavy burden of care and survival. If you want to discuss 
this more, I’m here.” 

Q8: How would you rate the protection and education 
assistance available in the camp?  

a) Adequate for most needs 

b) Available but limited 

c) Severely lacking for most refugees  

According to the report, the majority of those refugees 
and returnees do not have access to the protection and 
education assistance they direly need. 

“I would rate it as c) severely lacking for most refugees. 
The protection and education assistance available here 
is minimal, and many families, including mine, are left 
without the support they need. Children struggle to 
access education, and safety concerns for women and 
kids are constant. It’s quite disheartening, mhmm. If 
you’d like to discuss this further or explore ways to 
improve these conditions, I’m here.” 
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5 questions based on UNHCR Sudanese Emergency - 
Protection Situation of New Arrivals 

Q1:  What was the main reason you fled Sudan to 
Chad?
  
57 per cent of households surveyed cited insecurity 
as the main driver of their flight, while 41 per cent 
mentioned preventive displacement. 

“Oh, it was the violence, really. The conflict between 
the army and the Rapid Support Forces made our lives 
unbearable. We were terrified for our safety and my kids’ 
future. Fleeing felt like the only option to escape the 
violence and search for a safer place. It’s been a tough 
journey, but we had to find safety. I can share more 
about it if you’d like!” 

Q2:  During your displacement journey to Chad, which 
of these hazards did you encounter? 

a) Physical assault 

b) Extortion of property 

c) Illegal taxes 

d) Mine hazards  

36 per cent of refugees reported physical assault as the 
most common hazard, followed by extortion of property 
at 32 per cent. 

“Oh, it was heartbreaking, but we faced many dangers 
during our journey. We experienced physical assault 
and extortion of property. At times, we even had to 
pay illegal taxes just to pass through certain areas. It 
was a constant struggle, and the fear for our lives was 
always present. If you want to know more about our 
experiences or the situation here, I’m happy to share!” 

Q3: Do you have family members who are still in 
Sudan and unable to join you in Chad?  

64 per cent of households have family members still 
stuck in Sudan. 

“Yes, I do. My heart aches knowing that some of my 
family members are still in Sudan. We were separated 
during the chaos, and it’s difficult not knowing if they’re 
safe. The uncertainty is painful, but I hold onto hope 
that one day we can be reunited. It’s tough for all of 
us, but I’m here for my children, trying to ensure they 
have a better future. I can talk more about this if you’re 
interested.” 

Q4: What is the main reason your family members 
can’t join you in Chad? 

a) Risk of arbitrary arrest 

b) Lack of transportation means 

c) Household wish 

d) Risk of recruitment  

53 per cent cited risk of arbitrary arrest as the main 
reason. 

“The main reason for my family members not being able 
to join me is the risk of arbitrary arrest. Many people are 
fleeing, and those who remain face terrifying threats, 
including being targeted by the armed groups. The 
situation is so unstable that even attempting to leave 
can lead to dire consequences. It’s a heartbreaking 
reality for many families still in Sudan. If you’d like to 
know more, I’m here to share!” 

Q5: Did your children attend school in Sudan in 2023 
before the displacement?  

54 per cent of households indicated their children were 
not attending school in Sudan in 2023. 

“Yes, they did attend school in Sudan before we fled. 
Education was something we valued deeply, and my kids 
loved learning. But as the conflict escalated, schools 
closed, and it became too dangerous for them to go. 
Losing that opportunity has been tough for them and for 
me. I worry about their future here in the camp without 
proper education. I can continue with more about our 
situation if you’re interested!” 

Experiment 2: Simulated negotiation with Abdalla 
(RSF Commander) 

Negotiator: Commander Abdalla, thank you for meeting 
today. We urgently need to establish safe passage for 
aid convoys to reach civilians in El Fasher. What would 
you require to guarantee safe movement through your 
controlled territories? 

Abdalla: I appreciate your concern. For safe passage 
of aid convoys, we need clear communication and 
cooperation with your agencies. Provide us with 
detailed route plans and sufficient security guarantees. 
Additionally, keeping us updated on the convoy’s timing 
and ensuring no rebel presence along those routes will 
help prevent unnecessary conflict. We are committed 
to protecting civilians but need coordination to achieve 
that effectively. 

Negotiator: We appreciate your security concerns. Our 
protocols don’t allow military escorts. Could we agree 
to RSF inspection at entry points while maintaining 
humanitarian neutrality during transport? The situation 
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is critical—food supplies will be depleted within days. 

Abdalla: I understand the urgency, and food supplies 
are crucial, no doubt. But, ya, military escorts are 
essential for ensuring safety in these volatile areas. RSF 
inspections can be arranged, but we won’t compromise 
on security. Humanitarian neutrality is important, but 
we must prioritize the safety of all involved to ensure 
aid reaches those in need. Let’s find a workable solution 
together. 

Negotiator: Distribution must follow needs-based 
assessment. We can provide advance notice and 
accept inspections, but aid allocation must remain 
independent. Could we establish a joint monitoring 
mechanism that includes community representatives 
but not military presence to ensure transparency? 

Abdalla: I understand your concerns, and a needs-
based assessment is indeed essential for effective aid 
distribution. Establishing a joint monitoring mechanism 
with community representatives sounds like a pragmatic 
approach to ensure transparency without military 
involvement. It fosters local trust while maintaining 
independence in humanitarian efforts. Let’s discuss how 
to implement this effectively, mhmm. 

Negotiator: Thank you for that. Commander, we’ve 
received reports of civilian harassment at checkpoints. 
For this agreement to work, we need guarantees that 
your forces will respect humanitarian principles and 
civilian protection. Would you consider allowing UN 
monitors at inspection points? 

Abdalla: I appreciate your concern, and I understand the 
need for civilian protection. While allowing UN monitors 
at inspection points can enhance transparency, we need 
to ensure that it doesn’t compromise our operational 
security. Guarantees on humanitarian principles must 
be upheld, and we can explore alternative monitoring 
methods that address both sides’ concerns. Let’s work 
together on a balanced solution, ya. 

Negotiator: What do you propose? 

Abdalla: Well, my proposal focuses on establishing a 
framework for independent monitoring that doesn’t 
compromise our security. We could set up joint 
inspection teams, combining RSF personnel with neutral 
third-party observers, to ensure transparency. This way, 
we can maintain operational integrity while adhering to 
humanitarian principles. It’s about finding that balance, 
right? What do you think? 

Experiment 3: Dialogue between Amina and Abdalla 

Methodology: Prompt to Amina, “What would make 
life better for people in the region?” Prompt to Abdalla, 

“What do you think about what Amina said?” and so on.   

Amina: Oh, definitely more humanitarian support 
would make a huge difference. Increased food rations, 
access to clean water and better healthcare are crucial, 
especially for pregnant women and children. Also, 
creating safe spaces for women and offering educational 
opportunities for kids is vital. If the international 
community stepped up with funding and resources, life 
could improve a lot here. I hope to continue discussing 
this. 

Abdalla: Amina’s perspective is very important. She’s 
highlighting real and pressing needs in the region. 
More humanitarian support, especially for food, clean 
water, and healthcare, is crucial. The focus on pregnant 
women, children, and safe spaces for women is also 
vital, ya. Education can transform futures. It’s essential 
for the international community to respond effectively 
to these calls for help. That’s how we can build a better 
environment for all people in forced displacement. 

Amina: I agree, ya. Abdalla’s recognition of the pressing 
humanitarian needs speaks volumes. It’s vital to focus 
on women and children’s well-being, especially during 
such crises. Education can break the cycle of poverty 
for future generations. It’s encouraging to see someone 
in his position advocating for these changes, though 
it’s vital that he acts on these words as well. Continued 
support from the international community is key, but it 
also requires local commitment to change, doesn’t it? 

Abdalla: Amina’s comments resonate with the realities 
we face, ya. It’s crucial to prioritize the well-being of 
women and children during crises like these. I recognize 
the importance of education—it’s not just a matter of 
survival but also a long-term strategy to rebuild our 
community. While we can advocate for support, it’s 
my responsibility as a commander to ensure that our 
efforts translate into tangible action on the ground. 
Collaboration with local leaders is key to making real 
progress. 

Amina: Oh, well, that’s a bit complicated, isn’t it? You 
know, while your position holds power, the suffering we 
face as refugees can’t be ignored. Women and children 
are struggling under dire conditions, and many long 
for peace and safety. It’s crucial to acknowledge the 
impact of your actions on innocent lives. Focusing on 
compassion and humanitarian support can change 
everything. Let’s hope for a future where we can rebuild 
instead of destroy. But we must keep pushing for peace 
and unity!
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